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Research Trends on Chicken Gait Score Evaluation: A Review
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ABSTRACT Scientific approaches to systematically improving animal health and welfare are becoming increasingly
important in the livestock industry and animal welfare sectors. In particular, the walking ability of chickens is recognized as
a critical indicator of their health and welfare, extending beyond mere mobility. However, selective breeding has resulted in
skeletal and joint issues that impair walking ability, negatively affecting both animal welfare and productivity. Thus, the early
detection and assessment of walking abnormalities are essential. Currently, widely used gait score evaluation methods are
conducted manually, relying on the subjectivity of assessors and requiring significant time and resources. To overcome these
limitations, various sensor-based technologies have been introduced, but they face challenges such as high initial installation
costs and potential stress on animals. In contrast, video-based deep learning technology has emerged as an effective alternative,
enabling automated, non-invasive analysis of walking data to accurately evaluate walking patterns and health conditions.
Video-based deep learning technology leverages accumulated video data to continuously monitor walking ability and manage
long-term datasets, contributing to the efficiency of breeding programs for chickens. It is seen as a key innovation in advancing
automation and intelligence within the livestock industry. Furthermore, this technology overcomes the limitations of traditional
manual evaluation methods, offering the potential for higher productivity and improved animal welfare standards.

(Key words: chickens, gait score analysis, sensor-based technology, video-based deep learning technology)
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